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Data Scientist: The Sexiest Job of the 21st Century

Data Scientist: The Sexiest
Job of the 21st Century

Meet the people who can coax treasure out of messy, unstructured
data. by Thomas H. Davenport and D.J. Patil
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Data science growth over the years

650% (11.5M | #1

Demand for data science jobs
has increased by 650% since
2012

11.5 million new data jobs are
estimated to be created by
2026 in the USA alone

“Artificial Intelligence” skills
are skills with the fastest
growing roles since 2020

Source: LinkedIn Source: US Bureau of Labor Statistics Source: Linkedin
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How much does a Data Scientist make?

Updated Aug 13, 2023

Experience

All years of Experience

$152,262..

$117,651/yr
Base Pay

$34,612/r
Additional Pay

Industry
hd All industries
$152,262 /yr
w
$122K $193K
|

$99K

B Most Likely Range Possible Range

m Confident

63l alc e
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Total Pay Trajectory

For Data Scientist

$152,262 fyr
Data Scientist

$202,039 fyr
Senior Data Scientist

$194,765 fyr
Lead Data Scientist

See Full Career Path >

Dowmload as data table

$238K
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Data Science
Important

daychegroup @
daychegroup

a5l 6g,S | dayche.com




AR ,oJ.c

4090

High Value Data Science Use Cases

Automotive Life Sciences @ Retall & Consumer Goods @ Government

Banking @ Manufacturing @ Telco @ e-Health
Insurance @ Oil & Gas @ Utilities @ Travel, Transport &
Logistics

Customer Analytics Operational Analytics ( Risk Analytics

Customer Acquisition +  Channel / Mix * Supply Chain Optimization + Call Center Operations *+  Credit Scoring N *  Anti-Money Laundering
*  Cross-sell/Upsell Optimization * Manufacturing Operations * Retail Store Operations *  Insurance Underwriting *  Rogue Trading
+  Offer Optimization +  Web Analytics +  Asset Performance +  Predictive Maintenance *+  Capital Planning +  Cyber Security
Retention & Loyalty +  Pricing Optimization Process Engineering + IT Operations *  StressTesting + Compliance
Win back o + Capacity Planning ® s *  Fraud Detection .
. —
| \ Y7 r N\
| \  Drive Revenue f Reduce Costs Avoid Risks
0 | 3 : Ny
New revenue opportunities Realized cost savings” Increased profitabili
1\ L
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SCIENCE, TECHNOLOGY, ENGIMEERING & MATHEMATICS
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Data Scientist (n.): Person who is better at statistics than Jo e U (A=
any software engineer and better at software FiguuolS Lwdigo g NI (50 (5xigurolS uigo

engineering than any statistician.

2008 50 (Gl yanzxio yo jl fig |
9:25 PM - May 3, 2012 - Twitter Web Client

1.8K Retweets 80 Quote Tweets 1.8K Likes

WHAT(DOWEWANT]

@;

NOW

a3jg) a0 Hlgino 3Jg3
daychegroup @

daychegroup
aSsls 69,5 | dayche.com




AMAD US

INVESTMENT PARTMERS

Data Science Team

High Performance Team Structure

Data
Engineering

How Many: 4

Core Functions:

*  Build & Maintain Data Sources
*  Proprietary Data Cleaning

*  High Performance Computing

Central Language: C++, SQL

Additional Skills: R, Python

How Many: 4

Core Functions:

*  Explore Data

*  Find Patterns & Relationships
*  Backtest & Filter Strategies

*  Time Series & Text Analysis

Central Languages:
* R (EDA, ML, DL)
* Python (ML, DL, GPU)

Ul / Web
Applications

How Many: 2

Core Functions:
+  Build internal & external
facing web applications

Central Languages:

* Web (HTML, CSS)
* Web (JavaScript)
+ Shiny & Django

Additional Skills: R, Python

Subject Matter
Experts

How Many: 4

Core Functions:

+  (Start) Develop strategies,
ideas & factors

+  (End) Execution

Central Languages: Excel, R
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Data Analysts
ML Ops
Deploiement Data Pipelines
ML Modeling Database
Stats Data Viz
Experimentation Storytelling

Reporting Business Insights

Data Scientists

ML Ops
Deploiement Data Pipelines
ML Modeling Database
Stats Data Viz
Experimentation Storytelling

Reporting Business Insights

AR lolc
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ML Engineers
ML Ops

Deploiement Data Pipelines

ML Modeling Database
Stats Data Viz
Experimentation Storytelling

Reporting Business Insights

Data Engineers

ML Ops
Deploiement Data Pipelines
ML Modeling / Database
4
Stats Data Viz
Experimentation Storytelling

Reporting Business Insights
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Data
Engineer

Design &
implement data storage and
access solutions?

Work with
PREDICTIVE
analytics?

Model data
<«—No to EXTRACT

Y slo Sylgo

Data
Architect

Yes

insights?

-
“Data \ /
Analyst )
Y
Engineer
Build and
implement production
systems?
-

- Data -
Scientist
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Consultant Analyst

Data

Software
Scientist

Engineer
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2 Bkon 18 2 C++ Miss C J LJ‘U J?
3 Ckon 17 3 C# Mr. C Hash . .
aob colw gl ods o
4 Dkon 18 4 Php Mr.PHP .

CSV gl (b8 g JusSlsilo s Jgbs>  ©

)

student_id subject_Iid marks
1 1 ag Street data

1 2 78 8*

2 1 76 Buildings data

3 2 88 E‘?-’

Vegetation data

==
v

Integrated data

Data source Data layers
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() DA\OpenXMLTesting.xml P~C

File Edit View Favorites Tools Help L_,L}:J&? (Slm.)ﬁng 9 O.)I.) élg.;l

<?xml version="1.0"?>
- <ROOT>
- <Customers>

- <(;uit(<)>$::s(:>ustomerName=“Arshad Ali" CustomerID="C001"> o .)I A Jtiblw ’lwl J? D

- <Order OrderDate="2012-07-04T00:00:00" OrderiD="10248">
<OrderDetall Quantity="5" ProductID="10"/>
<OrderDetall Quantity="12" ProductID="11"/> et . .
<OrderDetail Quantity="10" ProductID="42"/> a.9L cusbw Aol (SLQB O @)

</Order>
</Orders>
<Address> Address line 1, 2, 3</Address> XMI_ LSlQ dJlQ

SESustomar { > | [ testJSON [ testJSON ) | datajson ) No Se
{

©)

BE

- <Customer CustomerName="Paul Henriot" CustomerID="C002">
- <Orders>
- <Order OrderDate="2011-07-04T00:00:00" OrderID="10245">

1
<OrderDetail Quantity="12" ProductID="11"/> 2 “users": [
<OrderDetail Quantity="10" ProductID="42"/> 3 1 ] .
</Order> f “name': “John", SON (clo  plo O
</Orders> g "age'": 25 9 S d_)
<Address> Address line 5, 6, 7</Address> 5 },
</Customer> 7 {
- <(;uit(c)>$§:s(;ustomerName= Carlos Gonzlez" CustomerID="C003"> a “"name": "Mark",
- <Order OrderDate="2012-08-16T00:00:00" Order[D="10283"> ‘age”: 29
<OrderDetail Quantity="3" ProductlD="72"/> 10 },
</Order> 1 {
</Orders> 12 "name": “Sarah",
<Address> Address line 1, 4, 5</Address> 13 “age': 22
</Customer>
14 3
</Customers> 15 ]
</ROOT> - . ! B
/ 15 “"dataTitle"™: "JSOM Tutorial!™,
17 "swiftWersion": 2.1
wo Y
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Narrow Al

Dedicated to assist
with or take over
specific tasks,

General Al

Takes knowledge

from one domain,

transfers to other
domain.
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ARTIFICIAL INTELLIGENCE

Programs with the ability to
learn and reason like humans

MACHINE LEARNING

Algorithms with the ability to learn

without being explicitly programmed

DEEP LEARNING
Subset of machine learning
in which artificial neural
networks adapt and learn
from vast amounts of data
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VARIABLE

CATEGORICAL
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Unsupervised
learning
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NOT AVAILABLE
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RECOMMENDER
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Semi-supervised
learning
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CLASSIFICATION

LOCALIZING
OBJECTS
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Daily Forecast

About

Weekly Forecast

Months To Forecast

[ Monthly Forecast |

Total Incidents

— Prediction
30000 — Incident
_——__.-/
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Forecasts ‘ Settings ‘ About

Model PMMI | PmML |
PMML 305 jl (ol o ©

Daily Total Model Built Date Thu Jun 30 22:23:16 2016 .}J.J J (JJP
Daily Administrative Model Built Date Fri Jul 01 02:53:15 2016

Daily Commercial Model Built Date FriJul 01 03:08:12 2016

Daily Financial Model Built Date FriJul 01 03:11:44 2016

Weekly Total Model Built Date Fri Jul 01 03:17:03 2016

Weekly Administrative Model Built Date FriJul 01 03:21:28 2016

Weekly Commercial Model Built Date Fri Jul 01 03:25:25 2016

Wieekly Financial Model Built Date Fri Jul 01 03:29:28 2016

Monthly Model Built Date Fri Jul 01 03:34:59 2016

Monthly Adminisirative Model Built Date Fri Jul 01 03:39:03 2016

Monthly Commexrcial Model Built Date FriJul 01 03:42:19 2016

Monthly Financial Model Built Date Fri Jul 01 03:45:36 2016
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Contingency Table:

EEK PN {HO: Corr(Na,K) = 0

rug

drugh 9 14 Hy:Corr(Na,K) +# 0

drugB 6 10 Correlation between Na and K:

drugC 7 9 Pearson's correlation coefficient: 0.0173 (p-value: 0.8075)

drugx 27 27

Spearman's rank correlation coefficient: -0.0052 (p-value: 0.9417)
drugy 47 44

Chi-Squared Statistic: 2.119

Degrees of Freedom: 4 Correlation between Na and Age:
p-value: ©.7138369773987128 Pearson's correlation coefficient: 6.1004 (p-value: 08.1573)
Spearman's rank correlation coefficient: 6.0931 (p-value: 0.19600)
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