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Success of machine learning algorithms .
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Feed forward neural networks i
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Constrains on code layer e
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Representation leamning g,
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Semi-supervised learning g
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Transfer learning i,
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low redundancy

high redundancy
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Kernel PCA gl
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Representation learning approaches g
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Probabilistic graphical models P
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Probabilistic graphical models P
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Probabilistic graphical models [
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Probabilistic graphical models P
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Probabilistic graphical models Py,
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Auto-encoders P
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Auto-encoders training PR,
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Parameters sharing g,
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Deep auto-encoders P
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Unsupervised layer-wised pre-training PR,
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Supervised layer-wised pre-training PR,
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Stacked auto-encoders i
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Type of auto-encoders ~
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Overfitting i
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Regularized auto-encoders P
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De-noising auto-encoders R
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De-noising auto-encoders I

Siuo ujgol ) bl Egozo jl 0jL G ahids S gle 4

S92l 03lj30=0 39 tgizo sl
daychegroup @
daychegroup @

oSl 6g,S | dayche.com




De-noising auto-encoders e
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Contractive auto-encoders i
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Contractive auto-encoders i
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Sparse auto-encoders g,
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Sparse auto-encoders i,
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Sparse auto-encoders i,
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Variational auto-encoders e
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